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A little background…
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Major trends in social media 
prediction



Predicting Stock Market Indicators Through Twitter “I 
hope it is not as bad as I fear”













If social media is such a great predictor of stock 
market indices, why are we not preventing bad 
financial outcomes? And why is anybody ever 
losing money on the market?

Class Discussion







Social media predictions and 
traditional forecasting



Moreover…

So many things can be predicted with social media, but when 
and what should be predicted and with what goal in mind?

What are the implications of these predictions in the world and 
on people?

When not to predict.



Private Traits and Attributes are 
Predictable from Digital Records 
of Human Behavior





The Plus-es First…

Largest FB study outside of FB

Provocative findings
It is indeed amazing so many (sensitive) things can be predicted

Validity of Facebook data as reflective of people’s underlying traits and 
behaviors

Possibility of educating people how simple metrics like “likes” can be profusely 
revealing of deeply personal information

Data collected with consent (?)

• But at what cost?



Who benefits from this research?





"This research should ring alarm bells for anyone who thinks that 
privacy settings are the solution to protecting information 
online. We need to fundamentally re-think how much data we 
are voluntarily sharing," said Nick Pickles, director of privacy 
campaign group Big Brother Watch.

"Yet again, it is clear the lack of transparency about how users' 
data is being used will lead to entirely justified fears about our 
data being exploited for commercial gain."











How do we decide what should and shouldn’t 
be predicted?

Class Discussion



Do Datasets Have Politics?
Disciplinary Values in 
Computer Vision Dataset 
Development



Why Study Dataset Politics?

Datasets shape how machine learning systems see 
and act on the world.

Critical past work has exposed biases—racial, 
gendered, geographic—in datasets.

Prior critiques often focused on outcomes (e.g., 
bias in facial recognition).

This paper shifts focus: What values guide 
dataset creation itself?



Method

• Corpus: 113 datasets sampled from ~500 collected; 
spanning face, body, object recognition, etc.

• Data Sources: Papers, websites, documentation, 
code repositories.

• Analysis Methods:
• Structured content analysis: What is documented?

• Thematic analysis: How is it documented?

• Goal: Reveal explicit and silenced values in dataset 
practices.



Key Disciplinary Values in Dataset 
Development

Four dominant values in how datasets are described:

1. Efficiency over Care
• Speed, cost, and scale prioritized over thoughtful, ethical collection.

2. Universality over Contextuality
• Data often stripped of cultural, geographic, or social specificity.

3. Impartiality over Positionality
• Researchers avoid acknowledging their own perspectives or biases.

4. Model Work over Data Work
• Papers focus more on algorithms than on data design processes.



What’s Missing in Dataset Culture?

• Human annotators: Rarely acknowledged or 
compensated transparently.

• Data subjects: Often dehumanized or treated as 
technical inputs.

• Documentation: Few standards for describing 
provenance, consent, or fairness.

• Data stability: Most datasets hosted informally 
(lab websites, dead links).

“Datasets are treated as natural reflections of the world, not 
constructed artifacts.”





High-level discursive categories from the analysis ordered in decreasing order by 

appearance in unique documents. Words used in only one paper are excluded.



“We perform an empirical study...of potentially depressed 

users against a differential control group of normal users.”

“Positive: the tweet content indicates the presence of one of the 

studied diseases/states in the person who has written the 

tweet.”

Humans as a machine learning object

Humans as a disorder/patient

“distress is an important risk factor in suicide, one that is 

observable from microblog text”

Humans as data



Towards Ethical, Reflexive Dataset 
Practices

- Embrace reflexivity: Acknowledge the social and 
political contexts of data.
- Value data work: Elevate the labor of curation, 
annotation, and documentation.
- Design for care: Prioritize consent, well-being, and 
contextual accuracy.
- Support infrastructure: Create stable, accountable 
repositories and standards.



The remainder of the course…

How are these aspects of data collection or model 
training getting replicated, mitigated, or 
exacerbated by genAI?

How can institutions support better ways forward?

What responsibilities do researchers have to data 
subjects?


	Slide 1: CS 6474/CS 4803 Social Computing: Methodological Pitfalls II
	Slide 2
	Slide 3
	Slide 4: A little background…
	Slide 5
	Slide 6
	Slide 7
	Slide 8
	Slide 9
	Slide 10
	Slide 11
	Slide 12
	Slide 13
	Slide 14
	Slide 15
	Slide 16
	Slide 17
	Slide 18: Social media predictions and traditional forecasting
	Slide 19: Moreover…
	Slide 20: Private Traits and Attributes are Predictable from Digital Records of Human Behavior
	Slide 21
	Slide 22: The Plus-es First…
	Slide 23: Who benefits from this research?
	Slide 24
	Slide 25
	Slide 26
	Slide 27
	Slide 28
	Slide 29
	Slide 30: How do we decide what should and shouldn’t be predicted?
	Slide 31: Do Datasets Have Politics? Disciplinary Values in Computer Vision Dataset Development
	Slide 32: Why Study Dataset Politics?
	Slide 33: Method
	Slide 34: Key Disciplinary Values in Dataset Development
	Slide 35: What’s Missing in Dataset Culture?
	Slide 36
	Slide 37
	Slide 38
	Slide 39: Towards Ethical, Reflexive Dataset Practices
	Slide 40: The remainder of the course…

