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Predicting the Future With 
Social Media



Summary
• The article examines if social media can be used to predict real-

world outcomes
• One of the earliest “predicting the present” papers using social 

media
• Method – simple tweet volume model outperformed market 

predictors of box office revenues
• Compared with an HDX model – Hollywood Stock Exchange

• Potential shown how Twitter sentiment may be tapped
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Fig. 4. Distribution of total authors and the movies they comment on.

Features Week 0 Week 1 Week 2
url 39.5 25.5 22.5

retweet 12.1 12.1 11.66

TABLE II
URL AND RETWEET PERCENTAGES FOR CRITICAL WEEK

tweets referring to particular urls (photos, trailers and other
promotional material) as well as retweets, which involve users
forwarding tweet posts to everyone in their friend-list. Both
these forms of tweets are important to disseminate information
regarding movies being released.

First, we examine the distribution of such tweets for dif-
ferent movies, following which we examine their correlation
with the performance of the movies.
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Fig. 5. Percentages of urls in tweets for different movies.

Table 2 shows the percentages of urls and retweets in the

Features Correlation R2

url 0.64 0.39
retweet 0.5 0.20

TABLE III
CORRELATION AND R2 VALUES FOR URLS AND RETWEETS BEFORE

RELEASE.

Features Adjusted R2 p-value
Avg Tweet-rate 0.80 3.65e-09

Tweet-rate timeseries 0.93 5.279e-09
Tweet-rate timeseries + thcnt 0.973 9.14e-12

HSX timeseries + thcnt 0.965 1.030e-10

TABLE IV
COEFFICIENT OF DETERMINATION (R2) VALUES USING DIFFERENT

PREDICTORS FOR MOVIE BOX-OFFICE REVENUE FOR THE FIRST WEEKEND.

tweets over the critical period for movies. We can observe that
there is a greater percentage of tweets containing urls in the
week prior to release than afterwards. This is consistent with
our expectation. In the case of retweets, we find the values to
be similar across the 3 weeks considered. In all, we found the
retweets to be a significant minority of the tweets on movies.
One reason for this could be that people tend to describe their
own expectations and experiences, which are not necessarily
propaganda.

We want to determine whether movies that have greater
publicity, in terms of linked urls on Twitter, perform better in
the box office. When we examined the correlation between the
urls and retweets with the box-office performance, we found
the correlation to be moderately positive, as shown in Table
3. However, the adjusted R2 value is quite low in both cases,
indicating that these features are not very predictive of the
relative performance of movies. This result is quite surprising
since we would expect promotional material to contribute
significantly to a movie’s box-office income.

B. Prediction of first weekend Box-office revenues

Next, we investigate the power of social media in predicting
real-world outcomes. Our goal is to observe if the knowledge
that can be extracted from the tweets can lead to reasonably
accurate prediction of future outcomes in the real world.

The problem that we wish to tackle can be framed as
follows. Using the tweets referring to movies prior to their
release, can we accurately predict the box-office revenue
generated by the movie in its opening weekend?
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Fig. 6. Predicted vs Actual box office scores using tweet-rate and HSX
predictors



Characterizing Debate 
Performance via 
Aggregated Twitter 
Sentiment



Summary



What is Twitter, a Social 
Network or a News Media?



Summary



Before	you	read	the	paper,	did	
you	really	agree	that	Twitter	is	
a	news	media?







Why Social Media Can’t Predict 
Elections











What is the primary challenge of social media 
based predictions over traditional 
predictions?



Asur and Huberman’s paper primarily uses 
observational data for prediction. Note all 
focus on retrospective prediction. What are 
the problems with this approach? How to fix 
this problem?



Kwak et al. found that 85% trending topics 
are news. To what extent the design of Twitter 
(and its trending topic) algorithm is 
responsible for it? Is it still true (given the 
Twitter of today?)



What makes a social media a news media? 
Guided by Kwak et al’s methodology, is 
Facebook a news media (Mark Z.’s statement)

Conversely, is the New York Times a “social 
media” now that you can comment on articles?





What utility or unique dimension does social 
media bring to event and news analytics? 
What are the challenges? (Compare with 
traditional forms of news coverage)



Dikapoulos and Shamma focused on 
understanding the dynamics of a planned 
event with social media. To what extent 
would it be possible or useful to examine the 
patterns of unplanned events in this manner?


